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Towards Enhancing Both the Efficient Utilization of Large-scale Medical Data
and the Protection of Patients’ Privacy

Yujie GU*

In this study, we introduce a framework called Abstention-Aware Federated Voting (AAFV), designed
to collaboratively and securely train heterogeneous local models while preserving data privacy. AAFV
achieves this by incorporating two key components into the local model predictions: an abstention-aware
voting mechanism and a differential privacy mechanism. To evaluate the effectiveness of AAFV, we apply
it to real-world task of in-hospital mortality prediction. Experimental results demonstrate that AAFV
delivers strong performance in both predictive accuracy and privacy protection.
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